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Tech ni cal Ana ly sis, Sim ple Mo ving Ave rage, Weigh ted
Mo ving Average

Tech ni cal ana ly sis tries to pre dict fu tu re with re spect to past data. One of its tools is
based on cal cu lati on of a sim ple mo ving ave rage (SMA) and its con fron tati on ei ther with
cur rent mar ket pri ce or with shor ter sim ple mo ving ave rage. This con fron tati on helps us to
in di ca te a new trend at its be gin ning. The trend is be lie ved to con ti nue for some time. The
more va lues are in vol ved in SMA, the less it is sensi ti ve to sud den chan ges. Lon ger SMA
are used to de tect trends that alrea dy last some time, using too short SMA re sults in a great
num ber of sell/buy sig nals some of which are considered to be wrong. 

Tech ni cal ana ly sis su g gests:
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n is the length of the pe riod of which data are took into ac count in SMA(n)
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The su g ges ti on abo ve also ap plies to weigh ted mo ving ave rage which is gi ven by
formula
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An in te resting fe a tu re of this re com men dati on is that buy and sell sig nals take turns
the re fo re the num ber of buy sig nals and the num ber of sell sig nals dif fer at most by 1.

Hurst ex po nent (H)

Hurst ex po nent is a cha rac te ris tic of a data set. 

„In ter pre tati on of Hurst ex po nent is fol lowing:

� If H=0.50, then is time se ries ge ne ra ted by i.i.d. (In de pen dent Iden ti cal ly Dis tri bu ted)
pro cess. R/S ana ly sis is a non-pa ra met ric pro ce du re and it does not de mand any as -
sumpti ons about process parameters.
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� In the ran ge are cor re spon ding pro ces ses cal led per si s tent and they are cha rac te ri zed by
long me mo ry. The re is no cha rac te ris tic time sca le, which is ty pi cal for fractal time se -
ries. They are su i ta ble for the mo del ling of time se ries of stock re turns.“1

„Es ti ma ting the Hurst ex po nent for a data set pro vi des a me a su re of whe ther the data is
a pure ran dom walk or has un der ly ing trends. … The Hurst ex po nent is not so much cal cu -
la ted as es ti ma ted. A va ri e ty of tech niques exist for do ing this and the accu ra cy of the es ti -
mati on can be a com pli ca ted is sue.“2

Re lati on ship be tween Hurst Ex po nent and Tech ni cal Ana ly sis

As it was alrea dy men ti o ned, Hurst ex po nent tries to re sol ve the dif fe ren ce be tween a
ran dom pro cess and a pro cess, whe re some trends exists. This is con nec ted with one of
tech ni cal ana ly sis’ assumption.

Tech ni cal ana ly sis is based on the be lief that „pri ce mo ve ment crea tes always cer ta in
trend, in which the pri ce per sists for cer ta in time“3

I be lie ve that quan ti fy ing this re lati on could help tra ders to make bet ter de ci si on on
em ploy ing tech ni cal ana ly sis. It could also help to crea te some pictu re about the Hurst
exponent.

Cer ta in ly it would be bet ter to ex press the re lati on ship be tween Hurst ex po nent and
some tool of tech ni cal ana ly sis in a ma the ma ti cal way but I think it would be very dif ficult
to do that and I work only with em pi ri cal observations.

The re may exist some im pli cati ons con cer ning this re lati on ship, which would su g gest
the advi sa bi li ty of the use of tech ni cal ana ly sis. I as su me it’s not ex tra-pro fi ta ble to use
tech ni cal ana ly sis with re spect to the fu tu re in a mar ket whe re the Hurst ex po nent equals
0,5 even if some tool of tech ni cal ana ly sis pro ves to be pro fi ta ble at that mar ket. If  Hurst
ex po nent equal to 0,5 im plies an in de pen dent pro cess then what jus ti fi cati on has the use of
tech ni cal ana ly sis when H=0,5? On the other hand, the success of a tech ni cal ana ly sis when 
H>0.5 is more li ke ly not to be a mat ter of co in ci den ce. Sup po sing Hurst ex po nent ex pres ses 
the dif fe ren ce be tween ran do mness and pre dicta bi li ty well, it is bet ter to jus ti fy the use of a
tech ni cal ana ly sis tool not only by its success in the past but also by the va lue of the Hurst
ex po nent be cau se the success in the past could be cau sed by a very pre ci se se lecti on of the
tool and its parameters rather than by a dependent and predictable character of the process. 

Pro ved cor re lati on be tween Hurst ex po nent and pro fi ta bi li ty of a cer ta in tool could su -
g gest how im por tant the va lue of the Hurst ex po nent is for our de ci si on to em ploy that tool
for tra ding on a par ticu lar mar ket. Li kewi se the F-va lue in ana ly sis of va ri an ce in fluen ces
our de ci si on about su i ta ble re gres si on mo del and measures the significance of that model.

 The key ques ti on is how pre ci se ly does the Hurst ex po nent re flect the dif fe ren ce be -
tween ran do mness and pre dicta bi li ty. I don´t know the an swer but ha ving read some in ter -
pre tati ons of the Hurst ex po nent and per for med se ve ral si mu lati ons I sup po se it de fi ni te ly
has the in for ma ti ve value regarding predictability.
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1 Trešl, Jiøí: Statistical Methods and Capital Markets, 2003, p. 75

2 http://www.bearcave.com/misl/misl_tech/wavelets/hurst/  (15.5.2007)

3 Trešl, Jiøí: Statistical Methods and Capital Markets, 2003, p. 83



Data pro ces sing

I ana ly se the in dex Dow Jo nes In dustrial Ave rage (DJIA). The pe ri od
1. 10. 1928–29. 6. 1999 con ta ins 18 811 ob servati ons (clo sing va lues of DJIA). All the data
were col lec ted from

http://www.mi ras.cz/ak cie/in dexy-djia.php

18810 re turns were cal cu la ted ac cor ding to Ret t 	
DJIA

DJIA

t

t-1

. 

The set of re turns is cha rac te ri sed by high kur to sis, it re a ches the va lue 24,3. 

The who le pe ri od was di vi ded into 19 sub pe ri ods of 990 re turns each.

season beginning end

1 1.10.1928 3.2.1932

2 4.2.1932 6.6.1935

3 7.6.1935 21.9.1938

4 22.9.1938 7.1.1942

5 8.1.1942 26.4.1945

6 27.4.1945 1.11.1948

7 3.11.1948 25.4.1952

8 26.4.1952 27.3.1956

9 28.3.1956 2.3.1960

10 3.3.1960 7.2.1964

11 10.2.1964 12.1.1968

12 15.1.1968 24.1.1972

13 25.1.1972 26.12.1975

14 29.12.1975 27.11.1979

15 28.11.1979 26.10.1983

16 27.10.1983 28.9.1987

17 29.9.1987 27.8.1991

18 28.8.1991 27.7.1995

19 28.7.1995 29.6.1999

For the estimation of the Hurst exponent (related to each subperiod) the procedure
which is described in Statistical Methods and Capital Markets (2003), p. 75 , Jiøí Trešl, was 
used with the parameters n=10, N=990, m=99.  

In this stu dy, the stan dard de vi ati on ne cessa ry for the coun ting up the Hurst ex po nent
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 would in cre a -

se resp. decre a se the va lue of the Hurst ex po nent ap pro xi ma te ly by 0,008. The sta tis ti cal
sig ni fi can ce of Hurst ex po nents here is always high. 
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s. H

1 0,557

2 0,542

3 0,592

4 0,501

5 0,607

6 0,523

7 0,593

8 0,565

9 0,605

10 0,591

11 0,585

12 0,618

13 0,566

14 0,533

15 0,554

16 0,548

17 0,492

18 0,528

19 0,487

This pro ce du re ove res ti ma tes the va lue of H as I’ve si mu la ted 3000 tri als with 990 ran -
dom num bers. To achi e ve a more ran dom cha rac ter, each of the se num bers was cal cu la ted
as a sum of 30 pseu do ran dom num bers in Ex cel. The ave rage va lue of the se 3000 Hurst ex -
po nents was 0,5403 , the stan dard de vi ati on 0,043 and the ave rage ab so lu te de vi ati on
0,035. The com pu ted Hurst ex po nent se ems to be ove res ti ma ted ap pro xi ma te ly by 0,0403.
This is ne cessa ry to take into ac count when eva lua ting the ran do mness of the DJIA es ti ma -
ted in this pa per. However the dis tor ti on must not im ply the in fe ri or qua li ty of using this
par ticu lar es ti mati on pro ce du re be cau se the es ti ma ted Hurst ex po nent still re flects the de -
gree of ran do mness. Fol lowing ta bles shows the re sults achi e ved for three different
processes. Its parameter reflects the influence of the previous values.

Xt = a Xt-1 + ut

ut~N(0;1)

a 1 0,5 0,1 -0,1 -0,5 -1

H 0,988 0,616 0,552 0,527 0,472 0,162

Xt = b Xt-1 ut-1 + ut

ut~N(0;1)

b 1 0,5 0,1 -0,1 -0,5 -1

H 0,534 0,554 0,54 0,54 0,553 0,533
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Xt = c Xt-1 + (1-c2)1/2 ut  ; ut~N(0;1)

c 0,999 0,8 0,5 0,3 0 -0,3 -0,5 -0,8 -0,999

H 0,987 0,71 0,614 0,581 0,54  0,504  0,472  0,395  0,167

The va lue H is an ave rage of 500 Hurst ex po nents that were cal cu la ted for a gi ven pa -
ra me ter.Ap pa rent ly for the ran dom walk pro cess is H=0,54 in this pro ce du re. Higher con -
tri bu ti on of pre vi ous va lues af fects the Hurst ex po nent de pen ding on a sign of the constant
parameter. 

Moving ave rages SMA n
t�1 ( ) and SMA nt ( ) were com pu ted for n=1, n=5, n=21 and

n=100.

The re com men dati on 
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and ana lo gous com pri sing WMA nt ( ) will be ana ly sed for the se couples: 

n1=1,   n2=21 Each cou ple rep re sents a strat egy, which is strictly fol lowed by 

n1=5,   n2=21 a trader. Mu tual in ter sec tion of cor re spond ing lines rep re sent ing

n1=5,   n2=100 sim ple mov ing av er age sig nals BUY or SELL the stock for

n1=21, n2=100 the cur rent price.

The re com men dati on is tes ted for each clo sing pri ce with ex cep ti on for the first 21 ob -
servati ons of the first sub pe ri od for the stra te gies whe re n2=21  and for the first 100 ob -
servati ons of the same sub pe ri od for for tho se two stra te gies whe re n2=100. Otherwi se the re 
are 990 mo ments when the tra ding sig nal can arise in every subperiod. 

The pro fit made un der a par ticu lar stra te gy is cal cu la ted ra ther sim ply but qu i te fai th -
ful ly. The dif fe ren ce be tween a sum of sel ling pri ces and a sum of buy ing pri ces shall be ad -
jus ted be cau se the frequen cy of buys and sells can differ by 1.

NP
f

f
P Psells

buys

sell buy	 � �

  , NP – no mi nal pro fit

f fsells buys,  - num ber of sells, resp. buys

P Psell buy,    - the price at which the in dex was sold, resp. bought 

For more ob jecti ve com pa ri son of the sub pe ri ods no mi nal pro fits are re la ted to the le -
vel of the index.

 RR
NP

SMA
	 �

21 21
1

( )
          RR– rate of re turn     (<1 de no tes de pre ci ati on; >1 ap pre ci ati on)

It is also use ful to cal cu la te a pro fit which would in di ca te whe ter the use of a tech ni cal
ana ly sis stra te gy was be ne fi cial or not, let it be the rate of extra return.

RER RR B H	 � &  whe re B H
SMA

SMA

i

i

&
( )

( )
,

,

	
� 1 21

21

21

21
 de no tes the growth of DJIA du ring

a gi ven sub pe ri od i. It in di ca tes the pro fit re a ched with the use of buy-and-hold stra te gy.
It’s bet ter to sub s tract B&H from RR than de vide the first by the other be cau se the de ducti -
on tru ly re flects the amount ear ned in ad di ti on. Put ting them into the fracti on would make
e.g. RR=1,6 and B&H=1 more fa vou ra ble for tech ni cal analysis than RR=3 and B&H=2.
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The re is no need to to cal cu la te the pro fit per trans acti on even if the stra te gies based on
lon ger SMA su g gests sig ni fi cant ly less tra de sig nals be cau se the re can not ap pear two buy -
ing sig nals sub sequent ly, one af ter ano ther. The re fo re the amount of mo ney in ves ted is not
grea ter then the last buy ing pri ce at any mo ment. Only when trans acti on costs mat te red,
a tra der would have to pe na li ze the strategies for emerging signals.

The ob ta i ned pro fits ga i ned with the use of buy/sell sig nals do not take into con si de -
rati on a possi ble yield that could be ear ned through in vesting mo ney du ring the time be -
tween sell sig nal and fol lowing buy sig nal. For this re a son the pro fi ta bi li ty of SMA and
WMA stra te gies is un der ra ted in this pa per. Only high trans acti on costs could com pens a te
it or even make overrated. 

The ta ble shows the frequen cies of tra ding sig nals.

strategy SMA(1) and SMA(21) SMA(5) and SMA(21) SMA(5) and SMA(100) SMA(21) and SMA(100)

subperiod Buys Sales Buys Sales Buys Sales Buys Sales

1 52 53 27 28 17 18 5 6

2 46 46 27 27 29 28 8 7

3 48 48 30 30 12 12 4 4

4 48 47 31 30 24 24 6 7

5 37 37 24 24 17 16 6 5

6 57 57 29 30 24 25 8 8

7 46 46 24 25 27 28 6 7

8 41 40 28 27 12 11 6 5

9 41 41 27 27 14 15 5 6

10 51 50 27 27 19 18 8 7

11 43 43 28 28 16 16 2 3

12 39 39 27 27 21 21 8 7

13 55 55 34 34 26 26 7 7

14 53 53 35 35 24 25 6 7

15 56 57 31 32 23 22 8 7

16 50 50 29 29 15 15 5 5

17 60 59 33 32 19 19 7 7

18 60 60 30 30 21 21 5 5

19 56 57 28 29 17 17 5 5
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The fol lowing ta ble sum ma ri zes the re sults ob ta i ned using the abo ve for mu las.

   
SMA(1) and

SMA(21)

SMA(5) and

SMA(21)

SMA(5) and

SMA(100)

SMA(21) and

SMA(100)

s. H B&H NP1 RR1 RER1 NP2 RR2 RER2 NP3 RR3 RER3 NP4 RR4 RER4

1 0,56 0,32 70 1,28 0,96 103 1,42 1,09 18 1,07 0,75 6 1,02 0,70

2 0,54 1,47 31 1,38 -0,08 20 1,25 -0,22 -8 0,89 -0,57 -6 0,92 -0,54

3 0,59 1,21 51 1,43 0,22 30 1,25 0,04 37 1,31 0,10 12 1,10 -0,11

4 0,50 0,78 27 1,19 0,41 22 1,15 0,38 -7 0,95 0,17 3 1,02 0,24

5 0,61 1,49 11 1,10 -0,39 -5 0,95 -0,54 24 1,22 -0,27 24 1,22 -0,27

6 0,52 1,07 15 1,09 0,02 7 1,04 -0,03 -13 0,92 -0,15 -12 0,93 -0,14

7 0,59 1,47 85 1,48 0,01 64 1,36 -0,11 9 1,05 -0,42 -3 0,98 -0,49

8 0,57 1,96 58 1,22 -0,74 7 1,03 -0,93 66 1,25 -0,71 10 1,04 -0,92

9 0,61 1,20 53 1,10 -0,10 13 1,03 -0,18 154 1,30 0,10 41 1,08 -0,12

10 0,59 1,30 69 1,11 -0,19 37 1,06 -0,24 95 1,15 -0,14 -4 0,99 -0,31

11 0,59 1,09 163 1,20 0,12 33 1,04 -0,05 53 1,07 -0,02 57 1,07 -0,02

12 0,62 1,05 350 1,40 0,36 141 1,16 0,12 101 1,12 0,07 -34 0,96 -0,09

13 0,57 1,00 222 1,24 0,24 -97 0,89 -0,11 105 1,12 0,11 123 1,14 0,14

14 0,53 0,92 98 1,11 0,19 -225 0,75 -0,17 11 1,01 0,09 -146 0,84 -0,08

15 0,55 1,49 7 1,01 -0,48 -129 0,85 -0,64 6 1,01 -0,48 -52 0,94 -0,55

16 0,55 1,88 862 1,69 -0,19 692 1,56 -0,33 -198 0,84 -1,04 -338 0,73 -1,16

17 0,49 1,29 -389 0,83 -0,46 -562 0,76 -0,53 -6 1,00 -0,29 -223 0,90 -0,39

18 0,53 1,54 -757 0,75 -0,80 -957 0,68 -0,86 -462 0,85 -0,70 -622 0,79 -0,75

19 0,49 2,29 1227 1,26 -1,03 1307 1,28 -1,01 -1164 0,75 -1,54 -2141 0,54 -1,75

    Sum -1,92   -4,31   -4,95   -6,60

Sums of RER indicate that none of these strategies would be more successful than
buy-and-hold.

It is bet ter to add up the ra tes of ex tra re turns than mul ti ply the ra tes of re turn be cau se
the amount in ves ted in any pe ri od does not de pend on re turns du ring other pe ri ods. In the
case of mul ti ply ing the rate of re turns, a stra te gy with RR1=0,9 and RR2=0,9 would be bet -
ter than a stra te gy with RR1=40 and RR2=0,01. That is not desirable.

Cor re lati on ma t rix for four SMA stra te gies.

rxy H B&H RR1 RER1 RR2 RER2 RR3 RER3 RR4 RER4

H 1

B&H -0,155 1

RR1 0,319 0,105 1

RER1 0,293 -0,887 0,366 1

RR2 0,148 0,083 0,874 0,328 1

RER2 0,214 -0,875 0,329 0,971 0,410 1

RR3 0,755 -0,274 0,032 0,271 -0,106 0,199 1

RER3 0,368 -0,955 -0,082 0,855 -0,105 0,822 0,548 1

RR4 0,650 -0,507 -0,030 0,460 -0,143 0,394 0,821 0,695 1

RER4 0,314 -0,969 -0,095 0,862 -0,110 0,833 0,461 0,986 0,705 1
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The va lues in the first co lumn in di ca te a po si ti ve cor re lati on be tween a pro fit made un -
der any of the se four stra te gies and the Hurst ex po nent. Using (abs(H-0,5403)) in ste ad of H
to ex press „de vi ati on from ran do mness“ re sults in decre a se of the va lues of rxy in the first
co lumn. However is it more re le vant to use the H and not the de vi ati on be cau se the SMA
stra te gies are based on a be lief in per si s ten cy rather than in non-randomness.

Re lati on be tween the thi rd stra te gy and H

Line re gres si on se ems to be the most su i ta ble mo del for RR or RER and H.

RR3 = a + b H

r 0,755

R2 0,570

St. Error of Estimation 0,107

Observations 19

ANOVA SS MS F stat P-Value

Regression 0,259644 0,259644 22,56282 0,00018546

Residual 0,195629 0,011508   

Total 0,455273    

     

 parameter St.Error t stat P-Value

Intercept -0,63843 0,355555 -1,79559 0,09035568

Slope 3,023769 0,636578 4,750034 0,00018546

The re lati on ship is sta tis ti cal ly sig ni fi cant

RER3 = a + b H

This re gres si on is shows that the
be ne fit of the use of the thi rd stra te gy
on NYSE du ring pe ri ods with high H
is not too sig ni fi cant. However bea -
ring in mind4 the he te ros ke das ti ci ty
and the na tu re of the stock-ex chan ge
sec tor, the Hurst ex po nent still
provides some clue.

r 0,368

R2 0,136

St. Error of Estimation 0,491

Observations 19
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4 If the errors are less variable around the extremes of one of the predictors in the model, Ordinary Least-Squares
Estimation tends to overestimate the standard error. (http://www.comm.ohio-state.edu/ahayes/hcse.pdf 
(19. 5. 2007))



ANOVA SS MS F stat P-Value

Regression 0,644501 0,644501 2,670975 0,12057412

Residual 4,102066 0,241298   

Total 4,746567    

    

parameter St.Error t stat P-Value

Intercept -2,91488 1,628139 -1,79031 0,09122885

Slope 4,763993 2,914984 1,634312 0,12057412

Re lati on be tween the four th stra te gy and H

RER4 = a + b H

Re turns with the use of WMA in ste ad of SMA

WMA(1) and

WMA(21)

WMA(5) and

WMA(21)

WMA(5) and

WMA(100)

WMA(21) and

WMA(100)

s. H B&H NP5 RR5 RER5 NP6 RR6 RER6 NP7 RR7 RER7 NP8 RR8 RER8

1 0,56 0,32 75 1,30 0,98 22 1,09 0,76 94 1,38 1,06 42 1,17 0,85

2 0,54 1,47 28 1,35 -0,12 16 1,20 -0,27 -24 0,70 -0,77 23 1,29 -0,18

3 0,59 1,21 33 1,28 0,07 -10 0,91 -0,30 26 1,22 0,01 14 1,12 -0,09

4 0,50 0,78 35 1,25 0,47 -1 0,99 0,22 3 1,02 0,25 -13 0,91 0,13

5 0,61 1,49 17 1,15 -0,34 -12 0,89 -0,60 29 1,26 -0,23 22 1,20 -0,29

6 0,52 1,07 24 1,15 0,08 -13 0,92 -0,15 10 1,06 -0,01 11 1,07 0,00

7 0,59 1,47 38 1,21 -0,26 33 1,18 -0,29 13 1,07 -0,40 9 1,05 -0,42

8 0,56 1,96 79 1,31 -0,66 -26 0,90 -1,06 60 1,23 -0,73 19 1,07 -0,89

9 0,61 1,20 85 1,17 -0,03 2 1,00 -0,20 144 1,28 0,08 125 1,25 0,04

10 0,59 1,30 113 1,18 -0,12 -83 0,86 -0,44 113 1,18 -0,12 35 1,06 -0,24

11 0,58 1,09 263 1,33 0,24 62 1,08 -0,01 75 1,09 0,01 54 1,07 -0,02

12 0,62 1,05 393 1,45 0,41 78 1,09 0,04 204 1,24 0,19 66 1,08 0,03

13 0,57 1,00 246 1,27 0,27 -341 0,62 -0,38 176 1,19 0,19 154 1,17 0,17

14 0,53 0,92 115 1,13 0,21 -405 0,55 -0,36 28 1,03 0,11 -15 0,98 0,07

15 0,55 1,49 101 1,12 -0,37 -54 0,93 -0,55 62 1,07 -0,41 -74 0,91 -0,58

16 0,55 1,88 -11 0,99 -0,89 673 1,54 -0,34 -354 0,71 -1,17 -241 0,81 -1,08

17 0,49 1,29 -536 0,77 -0,52 -266 0,89 -0,40 122 1,05 -0,24 335 1,14 -0,15

18 0,53 1,54 -966 0,68 -0,86 999 1,33 -0,21 -502 0,83 -0,71 -353 0,88 -0,66

19 0,49 2,29 1205 1,26 -1,03 4637 2,00 -0,30 -1277 0,73 -1,57 -971 0,79 -1,50

    Sum -2,48 -4,83  -4,47   -4,82
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Sums of RER in di ca te that none of the se stra te gies would be more success ful than the
buy-and-hold.

Cor re lati on ma t rix

rxy H B&H RR5 RER5 RR6 RER6 RR7 RER7 RR8 RER8

H 1

B&H -0,155 1

RR5 0,435 -0,206 1

RER5 0,292 -0,934 0,541 1

RR6 -0,303 0,595 -0,070 -0,536 1

RER6 -0,077 -0,705 0,192 0,676 0,151 1

RR7 0,607 -0,559 0,334 0,602 -0,635 0,128 1

RER7 0,328 -0,958 0,273 0,923 -0,674 0,584 0,773 1

RR8 0,475 -0,418 0,313 0,474 -0,525 0,051 0,538 0,505 1

RER8 0,261 -0,969 0,261 0,928 -0,651 0,617 0,624 0,957 0,629 1

Most of the va lues in the first co lumn (be si des the first two rows) are po si ti ve.

The Hurst ex po nent and the yield of the fifth and se ven th stra te gy
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The gra phs de picting the ra tes of ex tra re turns de no te a decre a sing va ri an ce about the
re gres si on line. One of its re a sons is ap pa rent from the last gra ph. The 7 ob servati ons with
the highest H are clo se to the line. And the RERs are calculated from B&H.

The re gres si on li nes of RERs slo pe up not only be cau se of a po si ti ve cor re lati on be -
tween H and RRs but also as the B&H-yield is sligh t ly lower du ring pe ri ods cha rac te ri sed 
by higher H. On the other hand, in ave rage, the RRs grows as the Hurst ex po nent in cre a -
ses even if the mar ket grows ra ther slowly (ap pa rent from B&H) du ring the periods with
higher H.

Conclu si on

The com pu ted cor re lati on co ef fi ci ents in di ca te a po si ti ve de pen den ce be tween the
Hurst ex po nent and the success of the tech ni cal ana ly sis tool which is based on a be lief in
pre sen ce of trends. The re sults are in ac cor dan ce with prior expectations.

Sup po sed ly the re is a cor re lati on be tween Hurst ex po nent and the pro fi ta bi li ty of some 
tools of tech ni cal ana ly sis and the se cor re lati ons vary with the tool. A sig ni fi cant ge ne ral
cor re lati on be tween the H and the tool could be hel p ful in the de ci si on-ma king about the
advi sa bi li ty of that tool in a par ticu lar mar ket. The Hurst ex po nent could be the clue that es -
ti ma tes the pro fi ta bi li ty of the tool in the fu tu re. This re minds the Bayes’ the o rem which su -
g gests up da ting our be liefs in light of new in for mati on. Let us con si der two stra te gies, the
pro fi ta bi li ty of the first ge ne ral ly cor re la tes po si ti ve ly with Hurst ex po nent, whi le the pro fi -
ta bi li ty of the se cond don’t cor re la te . Let us sup po se that  they were equal ly pro fi ta ble in a
gi ven mar ket in the past whi le the Hurst ex po nent was 0,7 so far. Then it is bet ter to cho o se
the first stra te gy be cau se it su its more to the na tu re of that mar ket. To say whether it
generally correlates or not, the 19 observations mentioned in this paper were not sufficient.

Ta king the Hurst ex po nent into ac count could be ad ven tage ous be cau se the pro fi ta bi -
li ty of a tech ni cal ana ly sis tool could be sensi ti ve to its pa ra me ters and the quan ti ty of possi -
ble pa ra me ters is in fi ni te ly lar ge. However it is very li ke ly that cal cu la ting the past pro fits
on em ploy ing the tech ni cal ana ly sis for a lar ge nub mer of dif fe rent pa ra me ters and exa mi -
ning its dis tri bu ti on would be more re le vant for a high-qua li ty de ci si on-ma king. For the last 
re a son, Hurst ex po nent could be hel p ful to the fast but im pre ci se ve ri fi cati on of a par ticu lar
stra te gy or, I be lie ve that would be more use ful, to the search for an ap pro pri a te technical
analysis tool for a given financial instrument in a particular market.
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